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Research on an medical image fuzzy enhancement based on improved hybrid genetic algorithm
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Abstract: Aiming at the phenomenon of existing medical images that the image quality is not high or too dark when collected re—
searching for the selection crossover and mutation characteristics of genetic algorithm and combined with particle swarm optimiza—
tion tabu search fuzzy enhancement algorithm that an medical image fuzzy enhancement method based on improved hybrid genetic
algorithm is proposed. In this method improved traditional genetic algorithm by introducing the thought of particle swarm optimiza—
tion and particle spatial distribution principle so the situation is improved that of genetic algorithm was lack of clear—oriented and
‘changing’ was too high. And adding tabu search algorithm in order to reduce the duplication optimization of particles by recording
the position of the particle search in the later of iteration. Finally the algorithmic search direction are setted to the 2D and com-—
bined with fuzzy enhancement algorithm that can adaptive search the optimal value of fuzzy parameters Fp and Fe to achieve medi-
cal image fuzzy enhancement. The experiments show that the improved algorithm is better for the enhancement of medical CT image
that was too dark and can effectively improve the image quality.
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